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In the appendix, we first give out more details about the collection, selection, and annotation of1

MiraData in Sec. A. Then, we provide additional experiment results of quantitative comparison,2

qualitative comparison, and ablation in Sec. B. In Sec. C, we further explain the limitations, societal3

impact, ethical issues and broad impact of our dataset. Finally, in Sec. D, we provide data acquisition,4

data documentation, and data license for ease of data use.5

A MiraData: Additional Details6

A.1 Data Collection7

We provide additional details about collecting YouTube video channels in this section. We select 78

categories that contain more rich motion and long video clips: (1) 3D engine-rendered scenes, (2)9

city/scenic tours, (3) movies, (4) first-person perspective camera videos, (5) object creation/physical10

law demonstrations, (6) timelapse videos, and (7) videos showcasing human motion.11

The reason we choose these channels is as follows:12

(1) For 3D engine-rendered scenes, the videos are typically recorded in 3D rendering en-13

gines with predefined physics laws. Thus, they often contain rich scene and perspective14

changes, with relatively long continuous shots, making them suitable for learning long video15

generation.16

(2) City/scenic tours are usually filmed by people walking with handheld cameras in urban17

or scenic areas. Consequently, the scenes are relatively continuous and possess strong 3D18

spatial descriptive capabilities.19

(3) Movies usually contain high-quality visuals and seamless transitions in the same scene,20

allowing for a more comprehensive description of the same scene from different angles.21

(4) First-person-perspective camera videos provide a perspective from the vantage point of22

the person or device capturing the footage. Compared to city/scenic tours, this category23

focuses more on extreme sports and typically uses camera lenses with slight distortion,24

which offers a view from the eyes of the subject.25

(5) Object creation/physical law demonstration often includes demonstrative videos focused26

on a single perspective, such as baking tutorials or explanations of physical principles. Due27

to their relatively simple scenes and clear procedural steps, these videos are beneficial for28

learning physical laws in long videos.29

(6) The timelapse videos capture a sequence of images at set intervals to record changes that30

take place slowly over time, which represent processes that would be too slow to observe in31
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real-time. This would be helpful for the video generation model to learn real-world physics32

knowledge as indicated by MagicTime [1].33

(7) Human motion videos show human movements, such as speeches, dances, and model stage34

performances. Including this category will be beneficial for generating long videos that35

include localized limb movements of the human body. In Fig. 1, we provided two examples36

from each category to illustrate the differences between the various types of videos.37
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Figure 1: Video Examples From Each Category.

A.2 Video Splitting and Stitching38

For video splitting, we use PySceneDetect2 content-aware detection with a threshold of 26. This39

process may result in some incorrect separations when cutting long videos into small clips. To address40

this issue, we consider both content-coherent video transitions and wrong cuts.41

To connect content-coherent video clips, we employ Qwen-VL-Chat[2] and LLaVA[3]. For each42

pair of adjacent video clips, we extract the 5th frame from the end of the former video and the 5th43

frame from the beginning of the latter video. These two frames are concatenated and input into the44

language models with the following prompt:45

2https://www.scenedetect.com/
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