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1 Supplementary Material

More results on ShapeNet-55/34. In order to have an intuitive evaluation of reconstructed results,
we also provide qualitative evaluations in Fig. [Tjcompared with results generated from the baseline.
We can clearly see the results not only have better numerical performance (Tab. [3) but also the model
trained with InfoCD did a better job in reconstructing the surface areas and preserving the details
with less noise.

-

Figure 1: Visual comparison of point cloud completion results on ShapeNet-55 dataset. Row-1:
Inputs of incomplete point clouds. Row-2: Outputs of SeedFormer with CD. Row-3: Outputs of
SeedFormer with InfoCD. Row-4: Ground truth.

We report complete results of our method on ShapeNet-55 in Tab. [3|and results of novel categories
on ShapeNet-34 in Tab. [T} We also provide the complete results on ShapeNet-34 in Tab. 2] of two
popular baselines. The models are tested under three difficulty levels: simple, moderate and hard.
For ShapeNet-55, we can see that with the help of InfoCD, the baseline achieves best scores on all
categories. We also provide the complete results on ShapeNet-55 in Tab. [ of two popular baselines.

Table 1: Detailed results for the novel objects on ShapeNet-34. S., M. and H. stand for the simple,
moderate and hard settings.

CD-£5 (x 1000) PCN [1] TopNet [2] PFNet [3] GRNet [4] SeedFormer [5] InfoCD + S. \
2 S M. H S. M. H S. M. H S M. H S M. H [ S. M H
bag 248 246 394 | 208 195 436 | 388 442 967 [ 147 188 345 [049 082 145]041 075 140
basket 279 251 478 | 246 211 5.8 | 447 455 1446|178 194 418 | 060 0.85 198|055 080 1.81
birdhouse 353 347 531 | 317 297 5.389 3.9 465 9.88 | 1.89 234 516 | 072 1.19 231 |0.67 1.02 2.18
bowl 266 235 397 | 246 216 4.84 4.35 5.0 1459 | 1.77 197 39 0.60 0.77 150 | 0.51 0.65 1.42
camera 484 53 803 | 424 443 811 | 678 804 1391|231 338 72 |08 177 375|082 167 3.63
can 195 1.89 521 (202 1.7 582 | 295 347 2302|153 18 3.08 |056 0.89 157|047 072 135
cap 721 7.4 1094 | 468 423 9.17 | 1411 14.86 2823|329 487 13.02| 050 134 519|038 112 423
keyboard 1.07 1.0 123 | 079 077 155 1.13 116 258 | 073 077 1.1 [032 041 060 | 023 031 052
dishwasher 245 2.09 353 | 251 177 472 | 344 378 931 | 179 17 327 | 063 078 144|055 072 135
earphone 788 6.59 1653 | 533 4.83 11.67 | 2031 23.21 39.49 | 429 4.16 103 | 1.18 278 6.71 | 1.05 221 6.77
helmet 6.15 641 9.16 | 489 486 873 | 878 10.07 212 |3.06 438 1027 | 1.10 227 478|101 217 4.76
mailbox 274 2.68 431 | 235 22 491 52 533 1094 | 152 1.9 433 | 056 099 2.06 | 047 0.87 195
microphone 436 4.65 846 |3.03 32 7.5 | 639 799 1941|229 323 841 | 080 1.61 421|061 156 4.02
microwaves 259 235 447 | 267 212 541 3.89 4.08 9.01 174 181 3.82 | 0.64 083 1.69|0.61 075 1.51
pillow 2.09 216 354 | 208 205 401 | 415 429 1201|143 1.69 343 | 043 066 145|038 052 135
printer 328 36 556 | 29 296 6.07 | 538 594 1029 | 1.82 241 5.09 | 069 125 233|062 117 215
remote 095 1.08 158 | 0.89 0.89 228 1.51 1.75 6.0 0.82 1.02 129 | 027 042 061|021 034 0.50
rocket 139 122 201 | 1.14 096 203 | 1.84 151 401 [ 097 079 16 |028 051 102|017 041 095
skateboard 1.97 178 245 | 123 1.2 201 | 243 253 425 | 093 1.07 183 | 035 0.56 092|027 051 081
tower 237 24 435 | 22 217 547 | 338 415 13.11| 135 18 385 | 051 092 1.87|046 081 172
washer 277 252 464 | 263 214 657 | 453 427 923 | 183 197 528 | 061 087 194|051 072 1.83
mean 322 3113 543 [265 246 552 | 537 595 1355[ 184 223 495 [061 1.07 235]054 1.01 218




Table 2: More detailed results for the novel objects on ShapeNet-34. S., M. and H. stand for the
simple, moderate and hard settings.

FoldingNet [6] InfoCD + FoldingNet PoinTr [7] InfoCD + PoinTr
CD-a(x 1000) | L I S M. H S M. H ‘
bag 215 227 399 | 175 198 347 | 096 134 208 |[0.52 0.85 1.59
basket 237 22 487 | 190 194 446 1.04 14 29 1059 0.84 2.06
birdhouse 327 315 562 | 281 284 5.18 1.22 179 345 | 075 124 2.8
bowl 261 23 455 | 218 2.01 4.08 1.05 132 24 |0.60 0.77 147
camera 44 478 785 | 4.01 445 17.36 1.63 267 497 | 1.00 195 4.26
can 195 173 586 | 1.52 141 1.38 0.8 1.17 285 [ 051 0.83 1.81
cap 6.07 598 1149 | 5.63 5.67 1198 14 274 835 | 057 130 542
keyboard 098 096 135 | 053 064 084 |043 045 063 | 0.29 034 0.54
dishwasher 209 18 455 | 155 145 409 | 093 1.05 204 | 055 0.73 149
earphone 6.86 696 1277 | 643 6.62 1226 | 203 5.1 1069 | 1.05 249 791
helmet 486 5.04 886 | 441 471 8.34 1.86 33 696 | 1.11 2.40 5.88
mailbox 22 229 449 | 1.83 194 4.02 1.03 147 334 | 053 094 221
microphone 292 327 854 | 251 292 8.01 1.25 227 547 | 083 1.52 4.00
microwaves 229 212 517 | 1.83 181 1.75 1.01 1.18 2.14 | 0.63 0.81 1.75
pillow 207 211 373 | 1.64 182 322 |092 124 239 | 048 0.69 1.59
printer 302 323 553 | 261 297 5.02 1.18 1.76 3.1 071 127 252
remote 0.89 092 1.85 | 0.42 0.61 1.38 | 044 058 0.78 | 0.26 0.38 0.57
rocket 128 1.09 20 | 081 0.77 1.51 | 039 072 139 | 030 0.53 1.01
skateboard 153 142 199 | 116 110 148 | 052 0.8 1.31 | 0.36 0.60 0.88
tower 225 225 474 | 1.80 193 422 | 082 135 248 | 0.50 093 1.98
washer 258 234 55 1.12 2,07 5.02 1.04 139 273 | 0.60 0.87 2.08
mean 2779 277 549 [242 249 5.01 1.05 1.67 345 [0.61 1.06 2.55




Table 3: Detailed results on ShapeNet-55. S., M. and H. stand for the simple, moderate and hard

settings.
CD-£5(x 1000) PCN [1] TopNet [2] PFNet [3] GRNet [4] SeedFormer [35] InfoCD + S.

2 S. M. H. S. M. H. S. M. H. S. M. H. S. M. H. S. M. H.
airplane 09 089 132[1.02 099 148 135 144 269 [087 087 127023 035 0.61]022 033 058
trash bin 216 218 515|251 232 503| 403 339 963 | 1.69 201 348|023 035 061|022 033 058
bag 211 2.04 444|236 223 421 363 366 7.6 | 141 1.7 297|043 067 128|042 0.65 120
basket 221 2.1 455]262 243 571 | 474 388 847 | 165 184 315|065 083 1.54|0.63 0.81 146
bathtub 211 2.09 394|249 225 433 | 364 35 574 | 146 173 273|052 082 145|051 0.78 1.38
bed 286 3.07 554|313 3.1 571 | 444 536 9.14 | 1.64 203 3.7 | 063 091 189|062 0.88 1.80
bench 1.31 124 214|156 139 24 | 217 216 411 | 103 109 171 | 032 042 0.84 | 031 040 0.80
birdhouse 329 353 6.69 373 398 6.8 | 396 50 9.66 | 1.87 24 471|076 130 246|076 1.26 235
bookshelf 27 27 461|311 287 487 | 3.19 347 572 | 142 171 278|057 0.84 157|056 0.82 1.52
bottle 125 143 461 | 1.56 1.66 4.02| 237 289 10.03 | 1.05 144 267|031 063 121031 060 1.17
bowl 205 1.83 366|233 198 482 | 43 397 876 | 1.6 1.77 299|056 065 1.18|0.54 0.64 1.14
bus 1.2 114 208|132 121 229 | 206 1.88 375 | 106 1.16 148|042 055 0.73 | 041 0.54 0.72
cabinet 1.6 149 347|191 1.65 336 | 272 237 473 | 127 141 209|057 0.69 105|056 0.67 1.05
camera 4.05 454 827|475 498 924 | 657 804 13.11 214 3.15 6.09| 083 168 345|080 165 3.44
can 202 228 648|267 24 55| 565 405 1629|158 211 381|058 103 179|056 1.00 1.75
cap 1.82 1.76 42 | 3.0 269 5591092 9.04 203 |1.17 137 305|033 045 118|033 042 1.02
car 148 147 26 | 171 1.65 3.17 | 2.06 2.1 343 | 129 148 214|065 086 1.17 | 0.64 084 1.12
cellphone 08 079 171|101 096 1.8 | 125 137 365 |08 091 1.18|0.31 040 054|030 0.38 0.52
chair 1.7 1.81 334|197 204 359 | 294 348 634 | 124 156 273|041 0.65 138|040 0.63 131
clock 2.1 201 398|248 216 403 | 3.15 327 6.03 | 146 1.66 267|053 074 135|051 071 129
keyboard 082 082 1.04|0.88 083 1.15| 083 106 197 |0.74 0.81 109|028 036 045|028 034 045
dishwasher 193 1.66 439|243 1.74 464 | 457 323 639 | 143 159 253|056 069 130|055 0.66 1.31
display 1.56 1.66 3.26 | 1.84 1.85 348 | 227 283 552 | 1.13 138 229|039 059 1.10] 038 0.56 1.05
earphone 313 294 756|436 447 836 | 1507 175 3337 | 1.78 218 533 | 0.64 104 275|059 0.96 243
faucet 321 348 752|361 359 725| 568 679 1429 | 181 232 491|055 1.15 263|049 1.00 2.63
filecabinet 202 197 414|241 212 4.12| 372 357 713 | 146 1.71 289|063 084 149|061 081 148
guitar 042 038 123|057 047 142 074 089 541 | 044 048 076 0.13 0.19 032|012 018 0.32
helmet 376 4.18 7.53 | 436 455 773 | 955 841 1544|233 318 603|079 152 3.61 078 148 3.32
jar 257 282 60 |3.03 317 7.03| 544 556 11.87 | 1.72 237 437|063 113 236|063 112 224
knife 094 062 137|084 0.68 144 | 211 153 389 | 072 0.66 096 0.15 028 045|015 026 043
lamp 31 345 7.02|303 339 815| 682 7.61 1422|168 243 517|045 1.06 267|042 1.03 2.60
laptop 075 079 159 | 08 085 1.66| 1.04 121 246 |0.83 0.87 128|032 037 055|031 036 054
loudspeaker 25 245 508| 3.1 276 532 | 432 419 76 | 175 208 345|067 101 180 0.65 098 175
mailbox 1.66 1.74 518|216 21 51 | 382 42 1051 | 115 159 342|030 067 204|031 063 196
microphone 344 39 852|283 349 687 | 658 756 1674209 276 57 | 062 1.61 3.66| 056 139 3.19
microwaves 22 201 465|265 215 507 | 463 394 652 | 151 1.72 276|063 0.79 147 0.62 0.77 142
motorbike 203 201 3.13|229 225 354 217 248 509 | 138 152 226|068 096 144 0.66 0.93 1.40
mug 245 248 517|289 256 543 | 476 43 837 | 1.75 216 379|079 103 206|075 1.03 2.04
piano 264 274 483299 289 564 | 457 526 926 | 153 182 321|062 087 179|059 0.82 1.66
pillow 1.85 1.81 3.68 | 231 226 4.19| 421 382 789 | 142 167 3.04|048 075 141|045 067 127
pistol 125 1.17 265| 1.5 1.3 262|227 209 72 | L1l 106 176|037 056 096|036 0.54 092
flowerpot 332 339 6.04|361 345 628 | 483 551 1068|202 248 419|093 130 232|090 126 223
remote 099 097 2.04|1.14 1.17 216 | 1.74 237 461 |0.89 105 129|029 046 062|029 044 0.64
rifle 098 0.8 131|098 086 146 | 1.72 145 3.02 |0.83 0.77 1.16 | 027 041 066 | 025 039 0.62
rocket 1.05 1.04 1.87 | 1.04 1.0 193] 1.65 161 382|078 092 144|021 046 083|019 042 0.80
skateboard 1.04 094 1.68 | 1.08 1.05 184 | 143 16 3.09 |0.82 0.87 124|023 032 062022 030 050
sofa 1.65 1.61 292|193 1.76 339 | 2.65 253 484 | 135 145 232|050 062 102|048 0.60 097
stove 207 202 472|244 216 484 | 403 371 715 | 146 172 322|059 087 149|058 0.84 146
table 1.56 15 336|178 1.65 321 | 3.03 311 574 |1.15 133 233|041 058 1.18| 040 055 1.11
telephone 08 08 167|102 095 178 | 13 147 337 081 089 1.18 031 039 055|030 0.38 052
tower 191 197 447|215 205 451 ] 313 354 987 | 126 169 3.06| 047 084 1.65| 046 0.78 1.54
train 1.5 141 237|159 144 251 | 201 203 41 1.09 1.14 1.61 | 0.51 0.66 1.01 | 048 0.64 0.97
watercraft 146 139 24 | 153 142 267 | 21 213 458 | 109 112 165|035 056 092|033 0.53 0.89
washer 242 231 608|292 253 653|555 411 7.04 | 172 205 419|064 091 2.04|0.62 0.88 2.04
mean 196 198 4.09 |226 217 431] 3.84 388 803 [135 1.63 286]050 077 149043 071 1.38




Table 4: More detailed results on ShapeNet-55. S., M. and H. stand for the simple, moderate and hard
settings.

FoldingNet [6] InfoCD + FoldingNet PoinTr [7] InfoCD + PoinTr
CD-{5(x 1000) | o g S M H S M H ‘
airplane 136 128 1.7 [ 1.20 1.26 1.51 0.27 038 0.69 | 023 034 0.60
trash bin 293 29 503213 249 391 0.8 1.15 215 |0.65 096 1.83
bag 231 238 3.67 (210 234 305 | 053 074 151 | 045 0.66 1.24
basket 298 277 4.8 |222 251 385 | 073 0.88 1.82 | 0.58 0.73 1.46
bathtub 268 266 40 |224 249 313 | 064 094 1.68 | 052 0.77 143
bed 424 408 565|344 402 528 |076 1.1 226 | 0.62 093 1.91
bench 194 177 236|144 152 2.02 | 038 052 094 | 033 042 0.81
birdhouse 406 4.18 588|329 394 547 | 098 149 3.13 | 0.79 125 2.60
bookshelf 3.04 3.03 391|282 294 330 |071 106 193 | 059 0.87 1.65
bottle 1.7 191 402|129 174 243 | 037 0.74 1.5 (030 0.59 1.30
bowl 279 26 4231245 256 366 | 068 078 144 |0.56 0.60 1.09
bus 147 142 20 | 127 130 1.50 | 042 055 0.79 | 036 0.48 0.69
cabinet 20 186 279|149 1.58 197 | 055 066 1.16 | 049 0.57 0.99
camera 55 604 887|494 6.19 8.35 1.1 203 434 |089 171 3.79
can 2.84 268 571|171 244 379 | 068 1.19 214 | 054 1.04 2.02
cap 41 404 587|282 355 777 |046 062 1.64 | 034 041 0.94
car 1.81 1.81 231 | 1.64 1.73 195 | 064 086 125 | 052 0.72 1.06
cellphone 1.04 1.06 1.87 | 0.76 0.90 1.12 [ 032 039 06 | 028 032 047
chair 237 246 362|193 227 307 | 049 074 163 | 041 0.62 1.39
clock 256 241 346|207 226 285 |062 084 1.65 | 0.50 0.69 1.38
keyboard 1.21 1.18 1.32 | 1.58 1.34 1.21 03 039 045 | 032 035 043
dishwasher 26 217 35 | 131 148 232 | 055 069 142 | 048 0.57 1.30
display 2.15 224 325|172 206 277 | 048 067 133 | 039 0.53 1.05
earphone 6.37 648 9.14 | 557 6.64 999 | 081 138 378 |0.61 1.00 2.62
faucet 446 439 72 | 415 481 6.79 | 071 142 3491 | 0.63 125 2.85
file cabinet 259 248 376 1196 213 285 | 063 084 1.69 | 054 0.70 1.47
guitar 065 06 125|047 050 0.77 | 0.14 021 042 | 012 0.18 0.34
helmet 539 537 796 399 490 7.64 | 099 193 422 | 080 148 3.81
jar 3.65 3.87 651298 3.65 544 | 077 133 287 |0.64 1.07 240
knife 1.29 0.87 121 1]0.72 0.74 0.85 02 033 056 | 015 0.27 0.51
lamp 393 423 687|342 429 6.03 | 064 14 358 | 049 111 298
laptop 1.02 1.04 196 | 0.74 0.82 1.26 | 032 034 0.6 | 028 0.29 0.49
loudspeaker 321 3.15 455|247 276 3.71 0.78 1.16 2.17 | 0.63 0.98 1.86
mailbox 244 261 498 | 1.74 210 386 | 039 078 256 | 030 0.61 235
microphone 442 506 7.04|390 548 7.02 0.7 166 448 | 054 145 3.40
microwaves 267 248 443 1183 199 3.07 | 067 083 182 |0.59 0.72 1.58
motorbike 2.63 255 3521270 282 331 075 1.1 1.92 | 0.57 091 1.54
mug 366 3.67 57 |295 353 509 | 091 1.17 235 [0.79 096 193
piano 386 4.04 6.04 | 319 3.69 522 |076 106 223 |0.61 087 1.74
pillow 233 238 387178 195 294 | 061 082 156 | 048 0.65 1.20
pistol 192 1.62 252|152 155 2.04 | 043 0.66 1.3 035 0.57 097
flowerpot 453 468 646 | 421 4.67 592 1.01 151 277 | 083 123 233
printer 3.66 4.01 534 |3.05 387 481 0.73 121 247 | 0.65 1.04 2.16
remote 1.14 12 198 | 091 1.03 1.18 | 036 053 071 | 0.28 0.40 0.57
rifle 127 1.02 137 | 1.03 1.04 1.27 03 045 079 | 026 0.39 0.67
rocket 1.37 1.18 1.88 | 0.97 1.20 146 | 023 048 099 | 019 0.42 090
skateboard 1.58 1.58 2.07 | 1.31 1.40 1.80 | 028 038 0.62 |0.23 032 051
sofa 222 209 314|171 180 239 | 056 067 1.14 | 049 0.58 1.00
stove 269 263 399|196 223 299 | 063 092 173 | 053 0.80 1.52
table 223 215 321|178 195 260 | 046 064 131 | 041 0.55 1.12
telephone 1.07 1.06 1.75 | 0.76 0.88 1.09 | 031 038 0.59 | 0.28 0.32 0.50
tower 246 245 391|245 246 347 | 055 09 1.95 | 045 0.76 1.67
train 1.86 1.68 232 | 1.58 1.61 1.81 0.5 0.7 1.12 | 0.39 0.60 1.03
watercraft 1.85 1.69 249|155 1.67 210 | 041 062 1.07 | 034 055 093
washer 347 32 489|244 260 362 | 075 106 244 |0.62 0.89 2.02
mean 268 266 406|217 250 346 [ 058 088 1.79 | 047 0.73 1.50
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